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CDISC Analysis Results Standard - a Logical Data Model

https://cdisc-org.github.io/analysis-results-standard/
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Accessing CDISC ARS
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■ Machine-Readable JSON Format

● CDISC ARS metadata is provided in a structured, machine-readable JSON format. 

● This allows for efficient integration and downstream processing. 

■ Easily Visualized in Excel

● The JSON can be converted into an Excel workbook for human-friendly inspection. 

● Each ARS class appears as a separate tab in the spreadsheet. 

■ Download via TFL Designer (Community Version)

● You can build shells and download their full ARS metadata using the community edition of TFL Designer



CDISC ARS Metadata Model Components
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■ Example information: Analysis Groupings



Proof of Concept
Using Generative AI to take in ARS metadata and deliver ADaM Specifications. 
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Process Flow for Use Case
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Use Case: Step 1

■ Prompt:

● I am uploading some CDISC ARS metadata (Safety_Displays_ARS) as well as the table shells associated 
with the metadata (Safety_Displays_Shells). First, I want you to understand this metadata. 

● Please use information from the Data Subsets tab, Analysis Sets tab, Analysis Groupings tab, and Analyses 
tab to come up with a list of ADaM datasets and the variables used.

■ Results: 

● It seems that giving it a step to understand the metadata, as well as providing it with associated shells 
helps to improve accuracy. 
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Use Case: Step 2

■ Prompt:

● Thank you! Now, please refer to the ADaM Implementation Guide I am uploading, and train yourself on 
the required and common variables for these datasets. Please provide a list of required variables for the 
ADaM datasets you specified in the previous section.

■ Results: 
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Use Case: Step 3

■ Prompt:

● Please combine these two lists – the list of variables from the metadata, and the list of required 
variables- to create a comprehensive list of the variables that would be in these datasets. 

■ Results: 
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Use Case: Step 4

■ Prompt:

● Now, I'm going to upload the SDTM IG. Please try to understand the sources of these ADaM 
variables from the SDTM. 

■ Results: 
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Use Case: Step 5

■ Prompt:

● Now that you have all of this information, can you please write a specs document for the ADaM 
datasets and their variables that you put together (All Variables Per Dataset (ARS + ADaMIG)). I 
need it to be in the same format at this file that I am uploading, and all of the sheets also need 
to be filled out. Please make sure to write methods for deriving the ADaM variables from SDTM. 

■ Results: 

● It filled out the ADaM specs! … poorly.
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Use Case: Changing Specs Format

■ Pivoting to providing a simpler specs template:

Note: I then asked LLM to also write a Methods column for variables it labeled “Derived”. 
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Use Case: Results
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■ With this approach, we got the specs we wanted. 



Use Case: Results

■ Derived:

■ Predecessor:
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Learnings

■ Generative AI can take inputs from ARS metadata, Protocol, SAP, and ADaM/SDTM Implementation Guide to 
build reliable and detailed ADaM specifications.

■ If Generative AI has a logical model to depend on like the ARS metadata (structured and machine-readable 
foundation) then the results that it can generate with repetitive prompting will get better.

■ This kind of automation helps reduce manual effort, cuts down errors, and improves traceability across the 
entire clinical workflow.

■ Accuracy & Reliability

● While AI can generate plausible outputs, they must be carefully reviewed

● AI can support, but not fully replace the clinical, statistical, and regulatory knowledge needed for robust 
ADaM specs development. 

● Needs Human-in-the-loop Validation
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What’s Next for Us

■ Living Specifications

● With Gen-AI, ADaM specs don’t have to be static - they can change and adapt in real time as protocols and SAPs evolve. 
This is especially helpful for agile or adaptive trials. Gen-AI needs rules and Models and ARS metadata will do that.

■ Standardization at Scale

● We can start using ARS metadata-driven templates and rules across studies and teams, which helps ensure consistent 
application of CDISC standards organization-wide.

■ Regulatory Readiness

● The outputs generated by AI - like Define-XML or ODM - can be aligned early with submission needs, making it easier to 
get ready for regulatory reviews and reducing last-minute surprises.

■ Collaboration & Governance

● A metadata-first approach also supports better collaboration between functions -statisticians, programmers, data 
managers - and makes it easier to track derivations and ensure compliance through automated traceability.
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Questions?
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