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Disclaimer

All numbers presented on the screenshots from the application are fictional. The

demonstration is made using the development build connected to a synthetic database,

where data is often realistic but sometimes completely random.

None of the demonstrated figures represent real world data.
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PrOJeCt OverVieW The purpose

“Advancing health equity is a national priority, and the
fundamental causes of health inequity, such as racism, are

increasingly being recognized as public health crises”

Adams WG, Gasman S, Beccia AL, and Fuentes L. The Health Equity Explorer: An open-source resource for
distributed health equity visualization and research across common data models
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PrOJeCt OverVieW The purpose

Install and use Health Equity Explorer at various medical and research facilities to identify

structural and individual racism - as well as other factors contributing to health inequity.
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PrOJeCt OverVieW The purpose

Install and use at various facilities
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PrOJeCt OverView The purpose

Install and use at various facilities

Direct effect on architectural and technical decisions discussed in the system design section

later.
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Application Demonstration
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Application Demonstration
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Application Demonstration
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Application Demonstration
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Application Demonstration
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System Design and Architecture
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Technical Highlights
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TECh N |Ca I H |gh I |g htS Profiling, Optimization, and Benchmarking

Intra-session measurements using Cypress
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TECh N |Ca I H |gh I |g htS Profiling, Optimization, and Benchmarking

Intra-session measurements using Cypress

- Teamcity reporter

- Logssavedin afile

- Parsed by an R script

- Timestamps extracted

- Test duration calculated and visualized

- Automatically in CI



TECh N ical H |gh | |g htS Profiling, Optimization, and Benchmarking
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TECh N |Ca| H |gh I |g htS Custom React Component

Why React?

Lots of inputs at once
Complicated Ul
Statefulness

Extra capabilities

Conditional rendering
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TEChn ical H |gh | IghtS Custom React Component

*  Equity Dirrwnaion

*  Place Attritute (FIPS)

v HDoH Indces
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TeChn ical H |gh | IghtS Custom React Component

Comparison Variable

+ Place Attrbute (FIPS) )

+ S£0oM Indces )

+ Social contest
+  Demographics
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TeCh N ica I H |gh | |g htS Machine Learning Framework
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TECh N |Ca I H |gh I |g htS Machine Learning Framework

v 5 pages 9
Vv [ page_advanced_analytics =
v @@ exploratory_analysis
> I modules
@R __init__.R
@ page_exploratory_analysis.R
v @ machine_learning ®
> I modules
@R __init__.R
@ page_machine_learning.R M
v [ statistical_inference
> I modules
@®R _init__.R
@ page_statistical_inference.R
@®R _init__R

module_factory.R

@ page_advanced_analytics.R
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TEChn|CaI ngh|lght5 Machine Learning Framework

v @& pages #' @param box_mod Box module
Vv @ page_advanced_analytics #' @export
v @ exploratory_analysis factory <- function(box_mod) {
> I modules exported_modules <- get_module_names(
@ __init__R box_mod
@ page_exploratory_analysis.R )

v @@ machine_learning . ] ]
ui <- function(id) {

> I modules .
7 pickerInput(
@®R __init__.R ]
choices = exported_modules
@ page_machine_learning.R M )
v [ statistical_inference }

> I modules
@ _init__R server <- function(id, ...) {...}
@ page_statistical_inference.R

@ __init__R list(ui = ui, server = server)

module_factory.R }

@ page_advanced_analytics.R
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v @& pages o
v [ page_advanced_analytics E
v @@ exploratory_analysis
> I modules
@R __init__.R v & modules
@ page_exploratory_analysis.R | @ __init__R
v @ machine_learning ® @R about.R
> I modules n+ feature_importance.md
@® __init__.R @ feature_importance.R

@ page_machine_learning.R M
v [ statistical_inference
> I modules
@®R _init__.R
@ page_statistical_inference.R
@®R __init__.R

module_factory.R

@ page_advanced_analytics.R
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The Future



The Future

Rebranding
- Population Health Explorer - PHX

- Wider use and application

Open Source
- Source code available on GitHub

- Summer 2025
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