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BACKGROUND

Pragmatic trials (PTs) have gained significant attention in clinical research due to their ability to provide real-world evidence on the effectiveness of medical interventions. Unlike traditional
explanatory trials, which are conducted under highly controlled conditions to determine efficacy, pragmatic trials are designed to reflect routine clinical practice. This means that PTs aim to
answer questions that are directly relevant to patients, clinicians, and policymakers by evaluating interventions in diverse, everyday healthcare settings.

From a statistical standpoint, PTs present unique challenges and opportunities. The less restrictive inclusion criteria and the emphasis on real-world applicability lead to increased heterogeneity in
study populations. This, in turn, necessitates careful consideration of statistical methodologies to ensure robust and reliable conclusions. Factors such as randomization, schedule of assessment,
handling of missing data and compliance require a tailored approach that balances methodological rigor with practical feasibility.

Overall, pragmatic trials provide an invaluable means of evaluating real-world interventions, but their inherent complexity demands careful statistical planning. This poster explores key statistical
considerations in PTs, offering insights into best practices for study design, data analysis, and interpretation of results.

THE PRECIS-2 TOOL

The PRECIS-2 (Proposed in the Pragmatic—Explanatory Continuum Indicator Summary 2) tool is a 9-dimension score to assess the level of pragmatism in a trial. [1]

Dimension Assessment of Pragmatism

To what extent are the participants in the trial similar to patients who

Eligibility would receive this intervention if it was part of usual care?
Recruitment of |.nvest|gators R + N How much extra effort is made to recruit participants over and above
and participants Seneignnis what would be used in the usual care setting to engage with patients?
Setting How different are the settings of the trial from the usual care setting?

0 ot How different are the resources, provider expertise, and organization
rgahization of care delivery in the intervention group of the trial from those available in usual care?
The intervention and its O oeren . How different is the flexibility in how the intervention is delivered from
: _ : Flexibility in delivery - - : ?
delivery within the trial the flexibility anticipated in usual care:

Flexibility in adh How different is the flexibility in how participants are monitored and
eXIDIItY In adherence encouraged to adhere to the intervention from the flexibility anticipated in usual care?
How different is the intensity of measurement and the follow-up of

The nature of follow-up participants in the trial from the typical follow-up in usual care?

The nature, determination, Primary outcome To what extent is the primary outcome of the trial directly relevant to participants:

and analysis of outcomes . . . . . .
Y Primary analysis To what extent are all data included in the analysis of the primary outcome?

As the reader can see, these are all clinical concepts, nothing related to statistics. The goal of this poster is to share with the audience, where the attention of the statistician has to be focused on,
when dealing with a pragmatic trial. Random thoughts, but statistically significant!

ELIGIBILITY RECRUITMENT

| | DELIVERY IN A TRIAL
Randomization q Nc.) " Sett‘”fgo?lf;‘jv ”j;“re‘)f A non-random list of random thoughts:
randomization i
Repe'ate ; | v For time to event endpoint use time-dependent
. , Repeated .
Proceed likea ~ Allenrolled can take Pl Time-to event T —— covariates
Cassiciiio SRS | ' | v For models with repeated measures with
Scheduled visits L At the discretion  cheduled visite At the discretion continuous or binary outcomes, consider adding
Not al led SRS STy the compliance at each visit
ot all enrolled can
take both treatments Random intercept L \\Generalized Random v" For models with outcome collection at random
— and srlsgj e(ltime) GMMRM intcz;cri;;?:gds;?pe times with continuous or binary consider
, , * outcomes, consider adding the compliance at
Target population h(x) Estimand Weight (w,, w,) each time-point
_ : : Evaluate all possible models to take into consideration
Combined 1 ATE (Em, 1—em) [HT] repeated or random measures If compliance or cumulative compliance depends on
Treated e(x) ATT (1, %) the medication type
Control 1—e(x)  ATC (5o 1)
Overlap e(x)(1 — e(x)) AITO (1 — e(x), e(x)) PRIMARY ANALYSIS
Truncated (o <ex) <1 —a) ("“E{Eﬂ?_“j ; “Mff,?}&]]_”}) Use single/multiple imputation techniques to account for missing data, with different approaches [3], [4], [5]:
combined

min{e(x),1—e(x)} min{e(x).1—e(x)} © MAR assumption
Matching min{e(x),1 — e(x)} ( ) , T— 600 ) - Copy-reference

* Jump-to-reference

In absence of randomization, choose carefully all methods for balancing
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