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data using the ML/NLP tool.

a/Sponsor defined standards

1d prediction. Effective reuse of

dalone SAS® programs for

le derivation logic, which is
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NEED OF MACHINE LEARNING

+ Self-learning improves accuracy over time.

*  Works well on unknown data.

« System acts as an expert by itself from the
earlier learnings to fix issues.

* Percentage of fallouts are very minimum

to handle manually.

SDTM

Semi Mappin
Automotive Less Manual Auto Modelg

Generation

Learning Intfervention Processing
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HOW TO APPLY ML/NLP ?

Historical
Mapping Data

Cleansing and Pre-process

Training the Model ‘ |

ML/NLP Engine Trained

\YileYe =)
Raw ]
Metadata

User Fixes Missing or
Inappropriate Mapping

Generate Mapping Spec

&% Symbiance’
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CDISC Standards i Sponsor Standards
(CDASH,SDTM & ; (CRF Library,
CTs | Metadata,)

LLLLL] Direct mapping

Direct mapping — Attrib
changes

Direct mapping —
Formatting changes
Direct mapping — Codelist
mapping

\

Source Domain Uﬂ @I One-to-One Mapping) -\

Variables ldentification (]|

Stds. & Non-Stds.
Variables Identification m

lEEI One-to-Many Mappim need to split into more than

one Standard variable
|EEI Many-to-One Mapping

~ /0

Treatment emergent adverse
event

Baseline flag Derivation
Study Day Derivation
IDVAR/IDVARVAL
Derivation

Vertical to Horizontal
Horizontal to Vertical

v
: v
User Corrections & 5
Confirmations v
v
v

Mapping Specification Generate SAS Code
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PROCESS TO GENERATE CLASSIFICATION MODEL

@ <3 a3 g

CDASH IG SDTM IG Existing Mapping Specification

Training Data

Pre Processing

(Stop words, Lemmatization, Stemming)

TF-IDF Vector
Gl (Source Variable Name and Description)

a Random Over Sampling

(Normalize imbalanced data)

MLP Classifier

Trained
Models
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-Continued

v - TE-IDF
ord in a document

in a vector

N
-~ tf, , x log (?fx)

df = rumbe- ol docamanits cortanng x
IMENTY N = totel. rumder obdocumanis
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Submit the

programs to
Process Trial generate
design data SDTM datasets
with Ul
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G

ards. System can also be retrained

lins and secondary domains based on

domain prediction. Once changed,
studies within the same project.
horized role.

Upload Trial Datasets

Domain Mapping Intermediate Mapping Final Mapping Download Specification

Raw Dataset Name Primary SDTM Domain Secondary SDTM Domains Action

Choose Domain Choose Domains

demo DM i EX, SC hd

[=}
=

Choose Domain Choose Domains
comiog co - 5C -

Choose Domain Choose Domains
aecdisc sSC - AE -

Choose Domain Choose Domains
aed sC - Qs -

Choose Domain Choose Domains

ecgdet sC - Qs -
Choose Domain

fmt301 Qs - rhnnes Namaine -
Choose Domain

formats as - hnnes Nnmaine -

Choose Domain
final SC - rhnnes Namaine -

Choose Domain Choose Domains
epmhx MH - Qs sC -

Choose Domain

E : E : E ﬂ E : E ﬂ
[=} [=} [=} [=}
= = = = 3

4

label SC - rhnnes Namaine

/
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APPING

e target variable, and will

create the custom
er changes. The mapping

d derivation comments
program generator.

N, Sysadmn

Irtcamal Id for e study

. AE Sutqect Subtyect naere of Kurtrber Tuxt A - usumIn '@

A

E @ AETERM Advense Evert Tent a= he AETERM v & o

R ’ AF ACTCRM_LLT Agverza CvertLLT Taut A - AELLT - e L
: . AE AETERM_LLT COL= Advwram Svert LLT CCOE Tuxt A - ABLLTED - g {
@ :c AETERM_PT Adverse EvertPT Texst a= - AEDECOD x =

. Ar ACTCRM_PT_COOC Adversa CvertFT_CODT Taut AE - ACFTCD -

B

& e AETERM_SLT Advwre Evert HLT Tuxt A - ABMHLT -

f
‘
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SPEC

|

sed in generated program.

suggestion based on CDISC. User can

metadata and user provided

ding type variables.

................
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2,8,9
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ZDTM Domain Ak

M+ wwere K wweses X Aseewwe X sewwre X WIEC SN 2d8 [/ remove varasies

| QY CoramtonCotr ] s + siviee X el X Asameee X seeiure X
{

& noman Cohan Demon abzredaton Reoues B RDTM Vel ZTUDNO Conles | bk OINS

Tt | o St

DOIM LA Fluely bwden wore: gl
[ | (0 vswoue LA dubgmel 1des b e Moy od N Cage
Peangrand -
Prwsl Irberwilen L
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Frepmivom Noandos
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mains.

--DTC and --DY. It can be

hereas the primary
> its SUPP-- domain.

s attributes to meet the

“
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SDTM MAPPER
MANUAL vs MINNAL

400
350
300 46 % Time Save
at
250 1st StUdy
2
3 183 73 % Time Save
== 200
[= at
91.5
100
50
0
1st Study 1st Study 10th Study 10th Study
MANUAL MINNAL MANUAL MINNAL
= Specification
(Preparation + Review*) 2 % 2 ar
m Programming
(Primary + QC*) 366 183 366 915

f
* By Manual Input as based on High critiality study which containing 50 sources datasets ‘

Derived on basisof 21 standard safety domain, 4 Custom domainswith SE, SV,
RELREC and five Trial domains
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le historical data.

cannot determine a scenario.

the volume of data.

and tried on 3 new studies.

icant time and resources.
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