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The Cost of Transparency

—7 Time Public Education
Z Reacting to new regulations and

Transparency enables the public to
developing new processes takes time. make informed decisions regarding

their health care.
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Trust
Being transparent with trial data builds
trust in the clinical trial process.
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Money
‘fS Both outsourced and internal methods

require additional costs.
Secondary Research

Knowledge
% Keeping up-to-date with current Empower medical breakthroughs by

regulations can feel like a full-time job. utilizing existing data to minimize
duplicative efforts and reduce

timelines.
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Thinking Beyond Regulations

Completed Study Data Compliance Standards
Roadblocks
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Exploratory analysis to

support future studies

Minimize duplicate efforts

Medical Breakthroughs

Potential



Automating De-Identification at a Large Scale | Case Study

A global sponsor enlisted d-wise to provide a proof-of-concept capability to accelerate the flow of data to
and from an internal data lake through d-wise’s Blur anonymization solution, providing sufficiently
anonymized content to achieve re-identification risk levels appropriate for internal secondary use.

Challenges

What to Anonymize
Internal Process Alignment
Scalability

Risk Threshold Strategy
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Solution

Automated de-identification

of datasets through Blur



d-wise Approach

° Discovery, Build, Run Process

* Master Template Format

° Audit Trail

* Variable Analysis

° Verbatim Text

° Inbound Folder Structure for System Input

Run

* Outbound Folder to Receive Final,
Resorted Data
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Data Lake Considerations
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Data Lake Considerations
Access Rights




Data Lake Considerations
Data Mapping




Data Lake Considerations
What's the Point?
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Data Lake Considerations

How will you store it and why?
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Data Lake Considerations
Visualization software uses flat files
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Data Lake Cons
Machine Learning

13



Data Lake Considerations
Entry Points
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Data Lake Considerations

Real World Evidence Integration
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Contact

Kristin McDougall
Director of Transparency

kristin.mcdougall@d-wise.com
www.d-wise.com
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