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lual and time consuming.

same scenario.
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data using the ML/NLP tool.

a/Sponsor defined standards

1d prediction. Effective reuse of

dalone SAS® programs for

le derivation logic, which is

©2020°Symbiance. All Rights Reserve



NEED OF MACHINE LEARNING

+ Self-learning improves accuracy over time.

*  Works well on unknown data.

« System acts as an expert by itself from the
earlier learnings to fix issues.

* Percentage of fallouts are very minimum

to handle manually.

SDTM

Semi Mappin
Automotive Less Manual Auto Modelg

Generation

Learning Intfervention Processing
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HOW TO APPLY ML/NLP ?

Historical
Mapping Data

Cleansing and Pre-process

Training the Model ‘ |

ML/NLP Engine Trained

\YileYe =)
Raw ]
Metadata

User Fixes Missing or
Inappropriate Mapping

Generate Mapping Spec

&% Symbiance’
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CDISC Standards i Sponsor Standards
(CDASH,SDTM & ; (CRF Library,
CTs | Metadata,)

Direct mapping

Direct mapping — Attrib
changes

Direct mapping —
Formatting changes

v" Direct mapping — Codelist
mapping

@ One-to-One Mapping) R

Variables Identification IEI |EI One-to-Many Mappim need to split into more than

Seds. & Non.Std one Standard variable
s. on- $. H
Variables Identification I@I @I Many-to-One Mapping -\

Treatment emergent adverse
event

Baseline flag Derivation
Study Day Derivation
IDVAR/IDVARVAL
Derivation

Vertical to Horizontal
Horizontal to Vertical

\

AN

v
: v
User Corrections & v
Confirmations v
v
v

Mapping Specification Generate SAS Code
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PROCESS TO GENERATE CLASSIFICATION MODEL

@ <3 a3 g

CDASH IG SDTM IG Existing Mapping Specification

Training Data

Pre Processing

(Stop words, Lemmatization, Stemming)

TF-IDF Vector
Gl (Source Variable Name and Description)

a Random Over Sampling

(Normalize imbalanced data)

MLP Classifier

Trained
Models
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-Continued

v - TE-IDF
ord in a document

in a vector

N
-~ tf, , x log (?fx)

df = rumbe- ol docamanits cortanng x
IMENTY N = totel. rumder obdocumanis
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Submit the

programs to
Process Trial generate
design data SDTM datasets
with Ul
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G

ards. System can also be retrained

lins and secondary domains based on

domain prediction. Once changed,
studies within the same project.
horized role.

Upload Trial Datasets

Domain Mapping Intermediate Mapping Final Mapping Download Specification

Raw Dataset Name Primary SDTM Domain Secondary SDTM Domains Action

Choose Domain Choose Domains

demo DM i EX, SC hd

[=}
=

Choose Domain Choose Domains
comiog co - 5C -

Choose Domain Choose Domains
aecdisc sSC - AE -

Choose Domain Choose Domains
aed sC - Qs -

Choose Domain Choose Domains

ecgdet sC - Qs -
Choose Domain

fmt301 Qs - rhnnes Namaine -
Choose Domain

formats as - hnnes Nnmaine -

Choose Domain
final SC - rhnnes Namaine -

Choose Domain Choose Domains
epmhx MH - Qs sC -

Choose Domain

E : E : E ﬂ E : E ﬂ
[=} [=} [=} [=}
= = = = 3

4

label SC - rhnnes Namaine

/
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APPING

e target variable, and will

create the custom
er changes. The mapping

d derivation comments
program generator.

£ IMinnal.Al

Irtamal 14 for = sty

. AE Subqect Subtyect neere o Kuntrher Tuxt A - usurIn '@

p—

E @ AETERM Agverse Evert Test AE e AETERM hd =
B ° Ar ACTCRM_LLT Agverza CvertLLT Taut AE - AELLT - U
(e . AE AETERM_LLT_CODE Advwre Svert LLT_COOE Tuxt a - ARLLTED -

. o AETERM_PT Agdverse EvertPT Test AE - AEDECOD -

Adverzs Cvert FT_CODT

Advwram Svert HLT

chpo Symbluncel ©2020°Symbiance. All Rights Reserved 11



SPEC

|

sed in generated program.

suggestion based on CDISC. User can

metadata and user provided

ding type variables.
'I'_ : Minnal Al etianis M e ; wdImem sy smdTan

2,8,9

raLaen

Joe STAMr NSNS 1 Sl LR - o)
« @D ™ o2 om e = 5 -
swwch

ZDTM Somain Bl 3

e+ wete K weeses K Asesvve X teswre 0 UDEC SN 2J8 [ remove varasies

T | o St

Flialy Mawdfen Moyl -
= ’ ' -
Ln “ioeve weme Covnmador Caner A+ BlTe X vt X Asateww X sselute X
& noman Coham Damon abzrevaton Reoues B RDTM Vel ZTUDNO Caniler | buk OUINS
GUIM LAT Plinty bivsedons wore: [ -
™ 0 Vs L [rm— R .

Aevsagrand -

Fraad ket Prmmbeatin
E O mxan Mgy
- & rmrmen 2pennse Cavie isentrer Ferrrison '

murer doman Source wrabic
Frepemirom Nandes
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mains.

--DTC and --DY. It can be

hereas the primary
> its SUPP-- domain.

s attributes to meet the

“
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SDTM MAPPER
MANUAL vs MINNAL

400
350
300 46 % Time Save
at
250 1st StUdy
-
= 200 183 73 % Time Save
n
P at
150 1st Studv
915
100
50
0
1st Study 1st Study 10th Study 10th Study
MANUAL MINNAL MANUAL MINNAL
[ | Specification
(Preparation + Review*) &t b e B
m Programming
(Primary + QC*) 366 183 366 815
* By Manual Input as based on High criticality study which containing 50 sources datasets

Derived on basisof 21 standard safety domain, 4 Custom domainswith SE, SV,
RELREC and five Trial domains

chpo Symbluncel ©2020°Symbiance. All Rights Reserved 14
B IR



#%% Symbiance

le historical data.

cannot determine a scenario.

the volume of data.

and tried on 3 new studies.

icant time and resources.
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