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AGENDA Using SAS to Analyze Healthcare Data

- Real World Data usage in Life Sciences
- What are we going to demonstrate ?

- What data are we using ?

- Demonstration

- Q&A
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USING SAS TO ANALYZE
HEALTHCARE DATA REAL WORLD DATA USAGE IN LIFE SCIENCES

(UTRECHT/PHUSE SDE)

- Real world data will have a profound effect on the research, development, approval, marketing of new therapies
and the improvement of the quality of life of patients.

- In the coming years, pharmaceutical companies are expected to invest in building out capabilities to manage and
analyze real world data in the interest of :

- Research & Development

« Clinical Outcomes

- Market Access

- Regqistries

- Pragmatic RCT's

- Patient Reported Outcomes (PROSs)
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3. Validate
Statistical
findings

1.Visual
exploration

2. Visual
Confirmation

What are we going to demonstrate ?

Exploration of the data to generate insights

How ? using visual exploration capabilities

Confirmation of these insights statistically

How ? using visual statistics capabilities

Closing the loop — Validate Statistical findings

How ? using in-memory statistics (code) in SAS Studio
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USING SAS TO ANALYZE _
HEALTHCARE DATA  What data are we using ?

(UTRECHT/PHUSE SDE)

= Healthcare data (mixed EHR & Claims data)

Patient Procedural

Medication Diagnosis

= IMPORTANT :

v Structure of the data is equal to Real World Evidence (Healthcare) data
v Content is ‘simulated’
v Data Preparation completed upfront

GSas | B,



USING SAS TO ANALYZE
HEALTHCARE DATA Demo on the data
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HEALTHCARE DATA  Validate Statistical Findings
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"Harris, when | said "any questions’ | was
using only a figure of speech.”




