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Introduction (Fhuse”?

Business & Decision Life Sciences’ experiences in
ADaM conversion projects applying:

* Linear approach
« Parallel approach for Pooled datasets
« Dictionary updates in a Pooled database

Objective

Describing the good, bad and ugly experiences gained during the
execution of these projects
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ADaM Conversions Two approaches: >
Linear and Parallel =

Good understanding of the relationship between
— Analysis results
— Analysis datasets
— SDTM domains

The core of any ADaM conversion is the SDTM/ADaM
tfraceability, this can be found at two levels:

— Metadata traceability: finding a relationship between an analysis
result and analysis dataset(s), or a relationship of the analysis
variable to its source dataset(s) and variable(s)

— Data point traceability: finding the predecessor record(s)
sBusiness &Decision
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ADaM Conversions Two approaches:

. US
Linear and Parallel

Table 1 Demographic Dsta - Per-Protacol

Trestment 1 Trestment z
Baseline body mass index (BHI) [kg/m®72]
I 167 167
Hean 29.08 23.04
) 4.84 4.80
nin 20.3 15.0
Median 25.69 28.47
Hax 0.1 41.2
Baseline BMI [categorical] [N (%)]
<25 kg/m*FE 41 { 24.6%) 710 z1.1%)
25-<30 ko/m*r2 60 { 35.9%) 130 { 38.7%)
o Patlent Demographies — Part| >=30 ho/**2 66 [ 39.5%) 135 { 40.2%)

Visi Date [11-Dec-2007

STUDYID. SUBND | BMI | _BMIGR1 | BMIGRIN | BMIGR2 | BMIGR2N |

"" 98330001 9330001000001 000001 277777778 kg2 1 550 kg/n 2 2
93330001 S3AOO00002 000002 SIS <A0kg/m*2 1 kg2 2

Gender| 93390001 9330001000003 000003 175194521 <A0kg/m"2 1 850kg/n"2 2
it 93830001 S3IOOT000004 000004 15625 >=30kg/m"2 2>=30kg/m"2 3
93330001 93I00T000005 000005 30968013 >=a0kg/n"2 2>=20kg/m"2 3

93390001 S3390001000006 000006 39697163916 >=30 ka/m"2 2 >=30kg/m"2 3

93330001 S3IO0T000007 000007 25828446281 <A0kg/m"2 1 B5kg/n"2 2

93330001 9330001000008 000008 30103806228 ><30kg/"2 2>=20kg/m"2 3

98330001 9330001000009 000009 32280962683 >=30kg/n"2 2>=30kg/m"2 3

93330001 SO0 000010 28678133787 <A0kg/m"2 1 Bkg/n2 2

93390001 9330001000011 000011 28372097383 <A0kg/m"2 1 Bkg/n2 2

93830001 SAO00012 000012 26714852608 <30kg/m"2 1 250kg/n"2 2

93330001 SOOI 000013 32716519653 ><aDka/m2 2>=30kg/m"2 3

93390001 S00T000014 000014 28718723183 <A0kg/m"2 1 255<0kg/n"2 2

VSTESTCD = "HEIGHT", 93330001 WO 000015 2227 >0 kg2 2>=20kg/m"2 3

"WEIGHT", "WAIST"
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ADaM Conversions Two approaches: e
inear and Parallel =

Takble 1 Detnocgraphic Datsa - Per-Frotocol

Treatment 1 Treatment 2

Baseline hody wass index (BMI) [kg/m**Z2)]
N 1687 167

Mean 29,08 29.04
+ Patlent Demographics — Part |
S0 4,84 4,80

ViskDete 11 Dec. 2007 [ p—— Min 20.3 16.0

PATENT DBMOGRAPHCS - Part [JSCAT = "PROTOCOL MILESTONE" | Median Z8. 689 Z8.47
Inforneet consent was ettanes on o = Max 40,1 41.2

Gender [SEX. B mu
et [PFTOTC] re S ety seline EMI (categorical) [M (%]

s <25 kg/mtt2 41 [ 24.6%] 71 Z1.1%]
st — 25-<30 kg/m*rz 60 [ 35.9%) 130 { 38.7%)
o — >=30 kg/m**2 66 [ 39.5%) 135 { 40.2%)
VSORRES / VSORRESU where

VSTESTCD = "HEIGHT",
"WEIGHT", "WAIST"

Vil Sgns Datacer (V5) ‘Sebect Level Anshysis Daaser Dataset (ADSL)

Ambsisadsd
i A —
Contralld Terms
C o a Variable Labd Tove  orFormat e Methad Orga Rele Conment
STUDYD | Seoy detir o oM The STUDYID varshie s e o XXX
STUDVD  Seaby Mtier e Proocel, CBE Pase 1 IDENTIFIER | VYYY, where XXX s e -k
componnd ode sodthe TYYY e gty
ol
. " prrmer — USUBID o Sebjct demir text oM SUBID vaaic b e forme VXY,
ESU g o 1= e DT IDENTIFIER VYYY-2222Z. wheve XXX nfeueshe -k
USERID i = Proeced IDENTEEIER Ty compound code, TYYY" e gt sy code and
s pries X 2227 e St e o
=L = SUBMD | Subjectidemberfor e e oM
o = pes IDENTIFIER
= HEIGHT | Bucine Height (cm) e Daed | ANALVSIS
[T r——————— e IDENTIFIER | Sequens mosbor (s esardy 1o e
e e————— R
WEHGHT  BudeWeghthn Damed i
VSTESIED Ve St TestSher et - 091 i =
B Deved | ANALYSIS
[T T —— Demet
BMIGR Deved | ANALYSS
VPOS  VmiSpwPommeod | BOSTION |CREPue i
ey
BMIGRIN (G Debed | ANALYSS
VSORRES | ReworFodmgn | ten Deived, CRE P . b
Ol Uais
BMIGR:  Comepory2ofBueie |t Dermed
VSORRESU | Orgio Usts e vSEST PPl B
BMIGRIN  Coepory 2 of Buseoe | suepr B Demed | ANALYSIS
VssTRESC e Deed ey
BMIGRS  Coepoy 3 ofBueoe |t
VSSTRESN  NumerReskTadm | w31 e N
ey
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ADaM Conversions Two approaches: >
Linear and Parallel Gl

Table 1 Demographic Dsta - Per-Protacol

Baseline body wass index (BMI) [Kg/m#+2]
5D 4.54 4.80
Median 28.69 28.47
Baseline BMI (categorical] [N (%)]
2 iz 41 12aEn T .
it Demographics parti sTUDYID | USUBJID SUBJD | EHI | BMIGR1 | BMIGRIN | BMIGRZ | BMIGRZM |
o e mr Coe| 2 | 9333000 9933-0001-000001 000001 2TFTTTITTRS <30 kg/m™2 1 25430 kg/m™2 2
o scencs. e [FSTAT = FROTOGOL WILESTONE"] 2 |9993.0001 9993-0001-000002 000002 25503615702 <30 kg/m™2 1 25430 kg/m™2 2
e N — 4 |9993.0001 59993-0001-000003 000003 26175194521 <30 kg/m™2 1 2530 kg/m™2 2
o o » 5 |9999-0001 9593-0001-000004 000004 3515625 »=30 ka/m™2 2 »=30 ka/m™2 3
e | (m:_’": 6 |3993-0001 9993-0001-000005 000005 30.968358131 »=30 kg/m™2 2 »=30ka/m™2 3
T 7 |9993.000 9993-0001-000008 000008 39.697163916 >=30 kg/m™2 2 =30 ka/m™2 a
v — 8 |9999-0001 9595-0001-000007 000007 25826446281 <30 kg/m™2 1 25-¢30 kg/m™2 2
o cranes — = 9 |9993-0001 9593-0001-000003 000003 30.103306228 =30 kg/m™2 2 »=30kag/m™2 3
OREES roormES T 10 |9993-0001 9993-0001-000003 000003 32.280962683 >=30 kg/m™2 2 »=30ka/m™2 3
T e = HEIGHT", 11 |9999-0001 9995-0001-000010 000010 28.876133787 <30 kg/m™2 1 25430 kg/m™2 2
12 |9995-0001 9999-0001-000011 000011 29.372397353 <30 kg/m™2 1 25430 kg/m™2 2
13 |9993-0001 9993-0001-000072 0000712 26.714852608 <30 kg/m™2 1 2530 kg/m™2 2
14 |9993.0001 59993-0001-000073 000013 32718619869 =30 kg/m™2 2 =30 ka/m™2 a
15 |9993-0001 59993-0001-00007 4 000074 28719723182 <30 kg/m™2 1 25-¢30 kg/m™2 2
e o 16 [99990001  9999-0001-000015 000015 32.270420377 »=30 ka/m2 2 »=30 kag/m™2 3
i = ==

SORRESU SES caFraes 1

ADSLEMIGR:

= BMIGRN
VssTRESC Deed ADSLEMIGRN
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ADaM Conversions Two approaches:

) nUS
Linear and Parallel

Table 1 Demographic Dsta - Per-Protacol

Treatment 1 Treatment 2

Baseline body mass index (BHI) [Kg/m?72]

Subject-Level Analysis Dataset Dataset (ADSL)

STUDYID Smdy Identifier The STUDYID vaniable has a fived format "XXXX-
m YYYY', where 'XNXXX' mdicates the 4-dipt
+ _Patlent Demographies — Part | compound code and the YYYY the 4-dgit stady
‘ 2 code
Vish e [11-Doc. 2007
USUBJID Unique Subject Identifier  text DM The USUBJID variable bas a fixed formar “XXXX-
PATENT part [PSCAT = MILESTONE" IDENTIFIER YYYY-ZZZZIZ, where XXXX indicates the 4-digit
[bSTERM/DSDECOD] compound code, YYYY' the 4-digt smudy code and MER2LI
[DSTERM / DSDECOD ‘722227 the £-digh patient code
Gender| SEX] n QAT [ digh patient ¢ :
P o R e— years, SUBJID Subject Identiier for the  text DM E
e | Susdy IDENTIFIER 3
eveisiimess| HEIGHT | Bascline Height (cm) | iteger Derived NALYSIS :
i [: o ADSL HEIGHT 3
Waist crcunforsnce ) WEIGHT Baseline Weight (kg) integer Derived ANALYSIS A
ADSL WEIGHT 3
|VSORRES / VSORRESU where T T T §
\VSTESTCD = "HEIGHT", \ Baselne P T N, '
"WEIGHT", "WAIST" BM Mn"g\n meeger Pt Derived ANALYSIS
BMIGR1 Category 1 of Baselne text |BMIGRIL Derrved ANALYSIS
BMI ADSL BMIGR] |
BMIGRIN  Caegory | of Baselne | imteger BMIGRIN Derived NALYSIS
BMI, (N) ADSL BMIGRIN
Tt EpesEpY BVICR:  Category2ofBaseke | e |BMIGRIL Derived ANALYSIS
Fr = BMI | |ADSL BMIGR2 | [
BMIGRIN  Category 2 of Baselne  |aweger BMIGRIN Derived ANALYSIS
DO D b | e BOUAN kv BMI, () ADSLEMIGR2N
= “IBMIGR3 | Cotegory3 of Baselne | text | BMIGRIL Derived ANALYSIS
BMI ADSLBMIGRI |
N il b ™ BMIGRIN | Category 3 of Baselne | iteger | BMIGRIN Deried | ANALYSIS
IR [Tt | = - BMI, (N) ADSL BMIGRIN
ST v s e Dt SO =
i _ o . B e e e e
o e e Gt wmcom. 5 avstavion
VsomiEs e atoden | et Do, R P, 13 e R e e i O Gl
VSoRRESE | o e R e e e T e[
[QUALITER BMIGRIN  Cotegory 2 of Baselne | ieger BMIGRIN Derived ANALYSIS
e Do msu e apsuaca

BMIGRS ooy 3 of e | tex | BMIGRIL Damed | ANALYSIS

o o
VSSTRESN  NumerReskTadm | w31 e RESULT Y ADSLEMIGR:
St L LALIER.
BMIGRIN ooy of Bsei | sceper BMIGRIN Damed | ANALYSIS
B9 apsiavigEY
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ADaM Conversions Two approaches:
Linear and Parallel

+_Patlent Demog s — Part |

Patient X5 Page 4 (Des for Visit 1a) Page 1 of 1
Bk [~ Comment

Visi Date [11-Dec-2007

Vital Signs Dataset (VS)

PATIENT DEMOGRAPHICS - Pat
Informest consent was obtar

[DSTERM / DSDECOD .
2 Variable
carae[PEX]

oetectiin[BRTHDTC | | STUDYID

ot

s DOMAIN

it creunference

VSORRES / VSORRES USUBIID

\VSTESTCD = "HEIGH]

"WEIGHT", "WAIST"
VSSEQ
VSTESTCD
VSTEST
VSPOS
VSORRES
VSORRESU
VSSTRESC
VESTRESN

Label
Study Identifier

Domain Abbreviation

Unique Subject
Identifier

Sequence Number

Vital Signs Test Short
Name

Vital Signs Test Name

Vital Signs Position of
Subject

Result or Finding in
Original Units
Original Units
Character Result Finding
in Std Format

Numeric Result Finding
in Standard Units

Table 1 Demographic Dsta - Per-Protacol

Treatment 1

Treatment 2

Baseline body mass index (BHI) [Kg/m72]
H

167 167
Hean 23.08 29.04
3D 4.54 4.80
nin 0.3 16.0
Median 28.69 26.47
Hax a0.1 41.2
Baseline BMI (categorical] [N (£}]
<25 ka/m*r2 41 ( 24.6%) 71 z1.1%)
25-c30 kotm*Hz 60 [ 35.9%) 130 ( 38.75)
>=30 hoa/m* *2 66 { 33.5%) 135 [ 40.2%)
Controlled
Type  Terminology Origin Role Comment
text Protocol. CRF Page 1 IDENTIFIER | The STUDYID variable has a fixed format:
XHXX-YYYY', where XXXX indicates the 4-
digit compound code and the 'YY YY" the 4-digit
study code
text | DOMAIN Assigned IDENTIFIER
text Protocol IDENTIFIER | The USUBIJID variable has a fixed format
XXXX-YYYY-ZZZZZZ', where 'KXXX
indicates the 4-digit compound code, 'YY YY" the
4-digit smdy code and 'ZZZZZZ’ the 6-digit
patient code
integer Derived IDENTIFIER | Sequence mmber (automatically generated) to
ensure uniqueness within a dataset for a subject
text Assigned TOPIC
text Derived SYNONYM
QUALIFIER
text | POSITION CRF Page 13 RECORD
QUALIFIER
text Derived, CRF Page 9, 13 RESULT
QUALIFIER
text | VSRESU CRF Page 9. 13 VARIABLE
QUALIFIER
text Derived RESULT
QUALIFIER
float  |3.1 Derived RESULT
QUALIFIER

Restricted © Business & Decision Life Sciences 2014 All rights reserved.

BNIGRSN  Coegory 3 o B
BL0)

. ASALS

| sMiGR1

(Fhuse

| BMIGRIN | BMIGR2

|_eMicRaN |

77778 kg2
15702 <30 ka/m*2
94521 <a0kg/m"2

e

62683 >=20 ka/m"2
33787 <A kg/m*2
97383 <A0kg/m2
52608 <30 ka/m*2
19869 >=20ka/m"2
23183 Akg/m"2
20377 >=Wka/m"2

s adslnt

12530 kg/m"2
1 25<0kg/n2
1 25<0kg/n2
2>=30kg/m"2
2>=30kg/m"2
2>=30kg/m"2
1 25<0kg/n2
2>=30kg/n"2
2>=30kg/m"2
1 25<0kg/n2
1 25<0kg/n2
1 25<0kg/m2
2>=30kg/n"2
12530 kg/m"2
2>=30kg/m"2
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ADaM Conversions Two approac

iInear and Parallel

Patient Demographics — Part |

.

Blank [~ Comment |

PATIENT DEMOGRAPHICS - Part |

|DSCAT = "PROTOCOL MILESTONE" |

Informed consert was oblained on ﬂ
|[DSTERM / DSDECOD|

+_Patient Demographics — Part | Gem SEX |_.

[wowiiamar, ¢ pote of birth

PATENT DEMOGRAPHCS -Part! [P CAT

Informesi consent was oktaned on
[DSTERM / DSDECOD
Gender [SEX

ose ot otn [BRTDTC |

[ 1]

Height
Weight
Waist circumferance

Heigh. |
Weight o
s F
VSORRES / VSORRESU where
VSTESTCD = "HEIGHT",
WEIGHT", "WAIST"

VSORRES / VSORRESU where
VSTESTCD = "HEIGHT",
"WEIGHT", "WAIST"

Vil Sgus Dt
ariable
STUDYD  Seaby Mt P Proocel,CBE Pase 1 IDENTIFIER The STUDVID vl b et
T TVIY. \
i compo o o e YT b i
pros
DOMATS | Domin Abbreriion | v DOVATS | Avipmed DENTEER
USUBID | Ve Subct = Proeced IDENTIEIER | T USUBIID vaiibhe s et
et XXK-YYYY.Z22222, e XXX
s e - compird e, YYYY e
i o ok et 2222 o 6 it
[T r——————— e IDENTIFIER | Sequens mosbor (s esardy 1o
e e————— R
VSTESIED Ve St TestSher et - 091
[T T —— Demet SO
QuALIFER
VPOS  VmiSpwPommeod | BOSTION |CREPue i
ey
VSORRES | ReworFodmgn | ten Deived, CRE P .
Ol Uais
VSORRESU | Orgio Usts e vSEST PPl
VSSTRESC | Clarcier RestFucig | et Deed
51 Fam
VSSTRESN  NumerReskTadm | w31 et RESILT
i Stniad Ui QUALIFIER

Restricted © Business & Decision Life Sciences 2014 All rights reserved.

(Age iz automatically
calculated when screen is
zaved and closed)

sovD

vstam

suBID

HEIGHT

waiGHT

B

BMIGR

BMIGRIN

MR

BMIGRN

MG

BMIGRIN

Sey detir
[Eere—
Subjec i o
pes

Bacine Heigh (cm)

B Wt )

Conegry 2 of Bsee
B

Conepory 2 of Baseo
B

Catcpy 3 of B
Y

Catepy 3 of B
B0

e
-
e
| BMIGRAL
e

BMIGR2N

B

ADSL EIGHT

st wriGHT

ADSLEMIGRIN

ADSLEMIGRS

M | _BMIGR1 | BMIGRIN | BMIGR2 | BMIGR2N |
1000001 000001 21777777778 <30kg/m"2 1 25C0kg/n"2 2
1000002 00002 25503615702 <30kg/m2 1 2530kg/n2 2
1000003 000003 26175194521 <30kg/m*2 1 2530kg/n2 2
1000004 000004 3515625 >=30kg/m"2 2 >=30kg/m"2 3
1000005 000005 30883858131 >=30kg/m"2 2 5=30kg/m"2 3
1000006 000006, 39697163916 >=30ka/m"2 2 5=30kg/"2 3
1000007 000007 25806446281 <30kg/m™2 1 25.0kaim2 2
1000008 000008 30103806228 >=30kg/"2 2>=30kg/m"2 3
1000008 000003 32280362683 >=30kg/m"2 2 5=30kg/m"2 3
1000010 000010 28876133787 <30kg/m2 1 25<a0kg/n2 2
1000011 000011 29372397383 <30kg/m"2 1 25:30kg/n"2 2
1000012 00012 26714852608 <30kg/m"2 1 2530kg/m2 2
1000013 000013 32719619869 >=30kg/m"2 2 >=30kg/mi"2 3
1000014 000014, 28719723183 <30kg/m"2 1 25<0kg/m"2 2
1000015 000015, 32270420377 >=30kg/i"2 2 >=30kg/m"2 3
ambsisadshnt
sorchn
i Orge  Rele Comment
oM The STUDYID varbic ha s oemar VXX
IDENTIEIER YYYY, where XXX mbcaes e -t
compomd code sadthe YYYY the gty
ke
oM The USUBIID varisbie b  fed formae "VXXY.
IDEIIEIER YYYY-22227. wbere XX St
compowd code, YYY
2222 the S-dk paient
oM
IDENTIFER
Duved | ANALVSIS
Dawed | ANALVSIS
Daved | ANALVSS
Deved | ANALVSS
Debed | ANALYSIS
Deved | ANALVSIS
Deved | ANALYSIS
Daved | ANALYSIS .
= S cision
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ADaM Conversion: -
The Good, the Bad and the Ugly ~ <7

N\
‘ Introduction

\
‘ ADaM Conversions Two approaches: Linear and Parallel

\

‘ Case Study 1: ADaM Conversion with SAP and TFLs as sole sources
1

Case Study 2: ADaM Conversion of a Pooled Dataset

[

‘ Case Study 3: Dictionary Updates
A

‘ Conclusions

7
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Case Study 1: ADaM Conversion
with SAP and TFLs as sole Sources

2

E + Good Traceability between the statistical outputs, the ADaM
datasets and the SDTM domains

« Since BDLS was responsible for the SDTM Conversion, issues
with SDTM domains were resolved rapidly

Having the ADS in ADaM structure facilitated the addition of
this legacy study as part of an Analysis Pooled Database

sBusiness &Decision
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Case Study 1: ADaM Conversion

with SAP and TFLs as sole Sources e

B - Hidden differences with SDTM found during validation:

— Different Coding Dictionary Versions in SDTM database

— For consistency with newer studies, some categorical variables were
B updated with new combination of values

1 - Due to SDTM standards restrictions some values used for
analysis were not available in the SDTM datasets

n — Key variables in SDTM domains cannot be empty

- In the initial analysis missing values were summarized in a table, these
values were not available anymore in the SDTM datasets

sBusiness &Decision
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Case Study 1: ADaM Conversion

with SAP and TFLs as sole Sources e

H « ADaM specifications created from SAP and protocol

— Rules specified in Protocol and SAP were differently interpreted in the
same way as in the original analysis

- Multiple solutions were tried before having the proper result

« QC: manual comparisons were needed

— ADS not always available
— Listings in pdf format

- B £ =

-> Resolving all these issues was time consuming
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The Good, the Bad and the Ugly ~ <&F°

\
‘ Introduction

\
‘ ADaM Conversions Two approaches: Linear and Parallel
[

‘ Case Study 1: ADaM Conversion with SAP and TFLs as sole sources
1

Case Study 2: ADaM Conversion of a Pooled Dataset

[

’ Case Study 3: Dictionary Updates
/

Conclusions
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Case Study 2: —
ADaM Conversion of a Pooled Dataset ¢

~
CONVERSION

CRFs ke
ANNOTATION
SDTM STUDY i

CRFs  Lags:
ANNOTATION
SDTM STUDY 1

@

DEFINE . XML
STUDY i

METADATA

CLINICAL

DATABASE CREATION
) s
 STUDYiQ o

@

DEFINEXML
STUDY 1

l METADATA
CREATION

SDTM CONVERSION

CLINICAL
DATABASE
| SDTM STUDY 1

ANALYSIS DATASET
PREPARATION

POOLED
POOLED
MAPPING ANALYSIS
s DATABASE
R
T ORIGIM (name g | A
S om  of ADAM = g p
DOMAN | vARIABLE vaRIBLE |vaRIABLE £2 dooeor somee| 2 | 3 =
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Case Study 2:

ADaM Conversion of a Pooled Dataset nus
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EE
DOMAIN | VARIABLE 22 Apam |comm
PREFIX NAVE VARIABLE LABEL ROLE CDISCCT | COMP. ALGORITHM | < 5 E dataset | ENTS
& - - B - - - - - e - DD - - - - -
REPAR ADAE |AESDT Start Date of Adverse Event |num |8 [Timing DATES. ADAE AESDT Derived AE AEOND <
ADAE |AESTM StartTime of Adverse Event[num |8 Timing TIMES. 7 ADAEAESTM Derived AE  AEONT <
ADAE AESTDTC  |Start Date/Time of Adverse Eventlchar (20 |Analysis I AE AE AEONY d
ADAE Start Date Imputation Flag ~~ [char |3 |Analysis DATEFL
AEONI
MP/AE
Y |AESDTF ADAE AESDTF Derived AE ONYMD )
STUDY JA0AE |AEEDT End Date of Adverse Event  |um |8 Timing DATES. 7 ADAE AEEDT Derived AE  AEEND <
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ADAE |Analysis End Date Imputation Flgchar |3 |Analysis DATEFL ” MPrE |
£ |AEDTF ADAE AEDTF Derived AE ENDYM d
STUDY i ADAE AEENRF  |End Relative to Reference Period|char (20 |Analysis AEENRF 7 AE  AEEND f
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ADAE BGLUN Blood Glucose Value () um |8 |Analysis BLOODGLN ”  ADAE.BGLUN Derived AE  BGLU <
ADAE AETERM  [Reported Term for the Adverse E{char (200 |Analysis I AE A AEMN <
ADAE AESYM | Adverse Event Symptom char 40 |Analysis AESYM 7 ADAE AESYM Derived AE  SYMAE f A
ADAE AESYMN  |Adverse Event Symptom () [num |8 |Analysis AESYMN 7 ADAE AESYMN Derived AE  SYMAE < A
ADAE |AELLT Lowest Level Term char (200 |Analysis I AE AE AELLT <
ADAE AELLTCD  |Lowest Level Term Code char |10 |Analysis I AE AE AELLTC <
ADAE |Action Taken With Study Treatmichar |40 |Analysis AEACN lagact
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laEACN AE A CcTE
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Case Study 2: P~
ADaM Conversion of a Pooled Dataset ¢

=

« BDLS was in charge of the SDTM and ADaM conversion, this
H facilitated the communication between the two teams and
accelerated the problem solving

*  With a mature Pooled ADaM conversion process, data
extraction for each study is fast, and consistency checks
across studies are no longer needed

(%og,elis’r were re-usable in ADaM due to its consistency across
studies

A comment file with all c%ues’rions from and to the sponsor,
facilitates the tracking of all answers and decisions
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Case Study 2: —
ADaM Conversion of a Pooled Dataset ¢

« Not well documented Derivation Rules caused difficulties to
E define the traceability

« Studies were added into the pooled database at different time
points, while derivations were not properly updated

A « SDTM limitations affected the ADaM conversion

— some raw variables were not available in SDTM, but were mentioned in
ADS specifications

n — Specifications had to be redefined in cooperation with the sponsor

* Due to traceability between SDTM/ADAM, timelines for ADaM
datasets were influenced by SDTM timelines
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Case Study 2: P~
ADaM Conversion of a Pooled Dataset ¢

» Structure of the pooled original ADS datasets changed with
B the inclusion of new studies

- Impact on the pooled mapping, pooled datasets and
extractions

« Source variables which had some manipulation during the
convemorx(e.gg. variable derived, with a format or transposed)
were sensitive to changes in its content at each transfer

-> New compare tools to check changes in dataset structure
between the original ADS received

- B £ =
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Case Study 2: —
ADaM Conversion of a Pooled Dataset ¢

« BDLS developed new compare tools to check changes in
dataset structure between the original ADS received, like
number of records, empty, new, and missing variables that
were present before

- Specifications were compared: results of a compare were

included in the communication file to the sponsor

B
VARIABLE

WD e T b L R —

3

C Bl

* DESCRIPTION | ~ 'T¥F ~ compare_fl: ~ new _domain_flag -~ |B&DLS comments
SOURCE WAR_ 1 AESI flag-Angioedem num
SOURCE wAR 2 AESIflag-Embolic an num
SOURCE_wAR_3  AESI flag-Hypoglycae num
SOURCE_wAR_4  AESI flag-Hypersensi num
SOURCE_WAR_S AESIflag-Increased Lnum
SOURCE WAR B Investigator Special Ir num
SOURCE WAR_ Y Investigator Special Ir num
SOURCE WAR 8 Investigator Special Ir num
10 |SOURCE_WAR 9 Investigator Special Irnum
11 |SOURCE_WAR
12 | 30URCE_WAR
13 |S0URCE_WAR
14 |SOURCE AR 13 Investigator Special Irnum

10 Investigator Special Ir num
11 Investigator Special Irnum
12 Investigator Special Irnum

Issues & updates post-release

E

ADDED
ADDED
ADDED
MODIFIED
ADDED
REMONED
REMONED
REMONED
ADDED
ADDED
ADDED
ADDED
ADDED

Source data issues

MO
MO
MO

YES
YES

MO
MO
MO
MO
MO
MO
MO
MO

F

specs_comp

H

Compare_tool

| d
- | Sponsor comments Updates

SDTM Source not mapped Review cycl
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Case Study 2: P~
ADaM Conversion of a Pooled Dataset ¢

« ADS content was compared:

Results from content compare for variables being “derived”, “with a
CL applied”, *“tfransposed” during ADaM conversion, were included
in the communication file to the sponsor

1 - X v The below compare results are from comparing the content of variabiles in old transfer against the new transfer. This compare is done ORLY for variables that are 'derived’
or have aformat applied while being mapped into ADakd, Any change inthe source implies a change in ADah derivation rule, e.g. transpose rule, or code list,

A B C D E F €] H

studyid DOMAIN = variable  ~ comment ~ content ~ B&DLS Comment ~ Sponsor  ~ Updates Comments
we will include a new criteria
for this value. Please confirm

0oo1 ADST1 SRC_VAR_Snew variable to transpose present in new database Creatinine == 1.5% ref. sample and = ULN  the value is correct correct Fooled mapping updated
we will include a new criteria
far this value. Please confirm

0oo1 ADS2 SRC_VAR_7 Dornain not present in new database Creatinine == Z*haseline and > LILN the value is correct correct not included
this is a new set of population

flag, please confirm if we need
oneA Ancg QOC WAR B alne ot nracant in cnda lict rectadats bt rracant in cnnvea data TOCW o ardd it Plazsa innnra  wot inelodard

4 Issues & updates post-release Source data issues specs_cormp Compare_tool SDTM Source not mapped Review cycles Consistency checks Def ... -:':+_‘- 1 3
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Case Study 2: P~
ADaM Conversion of a Pooled Dataset ¢

To ensure traceability with SDTM, a good knowledge of what
was mapped from RAW into SDTM and in which study, was

essential

List of RAW variables per study per domain from each SDTM

metadata, specifying if the variable was mapped into SDTM, and if it

was empty

STUDY T VIEWNAME T|WVARNAME ¥ LABEL -|VARTYPE [~|FORMATN [~|MAPPED [-|CONFIRMED [~|EMPTY [~
R Study1 AE AE| AE indicator num YNI1F X X
Ry _Study1 AE AEONTM AE onset time num TIMEE. ks X

R Studyl AE AEENDC AE end date continued char FCONTIF. P X

Ras_Studyl AE AEOUT AE outcome nunm AEQUTIF * ®

Ra&W_Study1 AE AEREL AE drug relationship num TN1F X X

R Study1 AE AEQNDT AE onset date num DATES. X X

RAW_Study1 AE AEENDDT AE end date num DATES. P X

R Studyl AE AELLT AE lowest lovel term char $200. X

R Studyl AE AELLTCO AE lowest level term code char $10 k4

RAW_Study?2 AE AE| AE indicator num TN1F X X
Ry Study2 AE AEONTM AE onset time num TIMEE. X X

Ry _Study2 AE AEENDC AE end date continued char FCONTIF. ps X

Ry _Study2 AE AEQUT AE outcome num AEQUTTF. hs %

R Study? AE AEREL AE drug relationship nurn YN1F X k4

RAW_Study?2 AE AEQNDT AE onset date num DATES X X

RAW_Study2 AE AEENDDT AE end date num DATES. X X

Ry _Study2 AE AELLT AE lowest lavel term char $200. X

R _Study2 AE AELLTCD AFE lowest level term code char $10 ¥
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ADaM Conversion: -
The good, the bad and the ugly &=

\
‘ Introduction

\
‘ ADaM Conversions Two approaches: Linear and Parallel
[

‘ Case Study 1: ADaM Conversion with SAP and TFLs as sole sources
1

Case Study 2: ADaM Conversion of a Pooled Dataset

[

’ Case Study 3: Dictionary Updates
/

Conclusions

N
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Conclusions (Phuse

* Parallel approach:
— ensured reproduction of TFLs
— consistency between studies within a pooled database

* Llinear approach:
— SDTM/ADaM traceability is demonstrated
— Bigger risk of not reproducing identical results to the initial analysis

« Source pooled ADS should be stable and specifications should
be clear

« SDTM datasets & pooled ADaM datasets should be finalized
before the individual study extractions can start
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Conclusions (Phuse

* Dictionary update: SDTM and ADaM uses the same dictionary
version. Specific ADaM variables are available

« Good communication is needed between SDTM, ADaM team
members and the sponsor, during the whole process

« Sponsor’s feedback on draft mapping and draft ADaM
datasets is crucial to address all details upfront

* All decisions can be easily tracked if they are properly
documented in a communication file
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*, o Thank you for your attention.
., ’ . Join us for a coffee at our stand.
", « London, United Kingdom, 13 OCT 2014
L . .-........
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