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their own code or adjusts their code from a nal data structur.e as thIS- is the easiest and (number of patients in each treatment DIAGRAM 3
previous study. Once the codes are produced, any data stored in any different structure group).
they are checked and validated by resolving can be easily transformed into this.
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All study issues )
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marked with a single prefix name in order to S el easy to maintain the codes and update the

tables centrally whenever necessary (see dia-
gram 4).

identify them easily.
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